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1.Executive Summary 

The purpose of this Capstone project is to evaluate how a community bank can most 

effectively integrate artificial intelligence (AI) into day-to-day banking operations to improve 

efficiency and profitability. Specifically, the goal is to determine how Premier Bank, N.A. (“the 

Bank”) can use AI to reduce its efficiency ratio and increase return on assets (ROA). On a 

hypothetical basis, the analysis further considers the incremental loan volume the Bank could 

generate using its existing staffing levels, assuming no capital constraints and sufficient loan 

demand. 

This project focuses on efficiency gains within two core areas of the Bank’s credit 

lifecycle: (1) the financial analysis process that supports commercial credit decisions such as 

financial document review, contract review, appraisal review, et cetera, and (2) the loan 

operations department’s review of client-supplied organizational documents needed for loan 

document generation. AI tools are currently being deployed to assist in the review and 

summarization of operating agreements, partnership agreements, and similar materials. All AI-

generated outputs remain subject to human verification to ensure data integrity, maintain credit 

and operational risk standards, and align outcomes with the Bank’s established historical 

financial performance benchmarks. 

The analysis demonstrates that AI adoption generates a meaningful return on investment 

(ROI), attributable to both the marginal cost of deploying AI tools and their ability to automate 

labor-intensive components of the credit process. Importantly, AI did not participate in credit 

decision-making; its role was confined to the summarization of underlying source documents. 

Contemplated here are the use cases across only two departments of a commercial bank, loan 

operations and loan origination. Certainly, other departments of the bank such as deposit 
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operations, or compliance could find similar benefits. Also considered are non-financial 

implications including employee sentiment, regulatory considerations, talent atrophy, and finally 

a recommendation to the Bank’s senior leadership. 

2. Institutional Context 

The Bank is a locally owned, OCC-regulated community bank and is headquartered in 

Omaha, Nebraska. The Bank was acquired from the FDIC in 2011 by its current ownership 

group following the failure of its predecessor institution to maintain required capital levels and 

the declaration of insolvency by regulatory authorities. Several members of the ownership group 

remain actively involved in day-to-day operations. At the time of acquisition, the Bank held 

approximately $106 million in assets, which subsequently contracted to roughly $70 million as 

the organization stabilized. 

Over the past 14 years, the Bank has achieved significant growth. As of September 15, 

2025, total assets reached $343.15 million, with approximately $260 million comprised of loans. 

The Bank employs 50 individuals and benefits from strong employee retention and deep 

community engagement. 

Premier Bank is primarily concentrated in commercial banking, with a substantial portion 

of its loan portfolio consisting of commercial real estate (CRE) loans. The Bank does not 

actively pursue retail customers; instead, it focuses on serving middle-market commercial and 

industrial (C&I) borrowers and CRE clients. Consistent with its risk-averse posture, the Bank 

generally maintains a tight geographic footprint within eastern Nebraska—an area where 60% of 

the state’s population resides within 50 miles of the Omaha metropolitan areai. 
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Given the loan types prioritized by the Bank’s Board of Directors, most client 

relationships are with Omaha and Lincoln based real estate professionals engaged in residential 

and commercial land development, single-family home construction, established operating 

companies, and broader CRE investment and development. Rather than relying on an extensive 

branch network or traditional mass-market outreach, the Bank focuses on maintaining strong 

ROA, operational efficiency, and exceptional credit quality within the commercial banking 

sector. 

On a day-to-day basis, the Bank is managed by local, “boots on the ground”, ownership. 

The President of the Bank, Board Chair, and Chief Financial Officer each have ownership equity 

in the Bank. Though day-to-day management of the Bank is handled by the President and Board 

Chairman, the credit approval process entails heavy involvement by the two Board Members 

with the largest equity positions in the Bank. In fact, loans over $1,000,000 require Board 

involvement. The Board also oversees asset and liability management and funds management 

committees. 

3. Financial Performance 

According to the Uniform Bank Performance Report (UBPR), the Bank ranks among the 

most efficient institutions in its peer group. In Q2 2025, Premier Bank reported an efficiency 

ratio of 53.9%, outperforming the Peer Group 5 average of 62.62%ii and placing the Bank within 

the top quartile of peers nationwide. Notably, nearly all of the Bank’s pre-tax net income is 

generated from interest and investment income, with minimal reliance on non-interest income 

sources. 
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The Bank’s return on assets (ROA) also substantially exceeds peer benchmarks. While 

the median ROA for Nebraska-based peers hovers around 1%iii, Premier Bank achieved an ROA 

of 1.61% through Q2 2025. The Bank’s loan portfolio constitutes approximately 77% of total 

assets, reflecting the Bank’s focus on earning assets despite its relatively small market share. As 

of Q2 2025, earning assets to total assets was 96%. In the same period, the Bank’s Tier 1 

leverage ratio was 13.74%, which ranked in the 88th percentile of its peer groupiv.  

Given this strong operational foundation, the Bank is now exploring the integration of AI 

to further enhance efficiency. Management’s strategic objective is to maintain Premier Bank as 

one of the most efficient institutions in its peer group. Because leadership has expressed a desire 

not to rely on wholesale funding, such as borrowed funds or brokered certificates of deposit, to 

support asset growth, the Bank faces inherent capital and liquidity constraints. Accordingly, this 

paper assumes no capital limitations for the purpose of evaluating AI-driven efficiency gains. 

Below, in IMAGE 1, is an internally prepared summary of peer banks from the second 

quarter of 2025. Each of the peers identified below operate in the same geographic areas and 

have similar focus on being primarily commercially focused community banks.   

IMAGE 1: 

 

Premier Bank is largely agnostic regarding the specific types of commercial real estate 

loan assets it pursues; however, the substantial majority of its CRE portfolio consists of 
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commercial investment properties. These assets total approximately $85 million, representing 

roughly 32% of the Bank’s total loan portfolio. See IMAGE 2 for the Bank’s composition report 

as of Q2 2025. 

IMAGE 2: 

 

4. Market Context 

Despite national headlines highlighting weakness in commercial real estate markets, 

Omaha and its community banks have been largely insulated from significant distress. 

Nonetheless, an emerging trend warrants attention: other real estate-owned (OREO) balances 

among Nebraska-based banks have begun to rise. OREO holdings totaled approximately $9.04 
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million in Q2 2023 but increased to $43.22 million by 2025, indicating growing pressure within 

certain segments of the local CRE market. See IMAGE 3 and IMAGE 4 respectively. 

IMAGE 3 Q2 2023 NEBRASKA BANK OREO: 

 

IMAGE 4 Q2 2025 NEBRASKA BANK OREO: 
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Across all Nebraska banks, total assets amounted to approximately $116.19 billion, 

resulting in an OREO-to-total-assets ratio of just 0.037% as of Q2 2025 per the Nebraska Bank’s 

call reports summarized in a commissioned by the Bank for peer review analysis. Premier Bank 

maintains a notably conservative lending culture, a posture that has served it well amid the 

challenges some peers are facing in the current commercial real estate cycle. Historically, this 

disciplined approach has helped the Bank avoid the rising OREO trend observed statewide. As of 

Q2 2025, Premier Bank reported only 0.05% of its loan assets as 30–89 days past due and held 

no OREOv. The 30–89-day delinquencies reflect loans made to Habitat for Humanity, an entity 

focused on building homes in marginalized communities and is considered a community 

reinvestment by the Bank. The agreement between the Bank and Habitat is subject to a 

repurchase agreement in place for loans delinquent for more than 120 days supporting previous 

assertions regarding credit quality. 

Historically, Omaha has weathered major economic downturns with less severity than 

many larger metropolitan markets such as Las Vegas, Phoenix, and Los Angeles. During the 

COVID-19 shock in April 2020, for example, Las Vegas recorded the highest unemployment rate 

among large metros at 33.5%, while Nebraska posted one of the lowest at 8.3%, a spike that 

proved relatively short-livedvi. Similarly, during the Great Recession of 2009–2010, Omaha 

experienced annual job losses of approximately 1.3%, compared with a national decline of 2.5%, 

meaning the local labor market contraction was roughly half the national averagevii. This 

resilience is further reflected in housing market dynamics. From peak to trough in the late 2000s, 

home prices in Las Vegas declined by roughly 62%, and Arizona markets experienced declines of 

approximately 56% from their 2006 peaksviii. Omaha followed the same cyclical pattern but with 

far less severity, experiencing approximately a 9% declineix. See IMAGE 5. 
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IMAGE 5: 

 

5. AI Strategy and Implementation Framework  

As noted, management prioritizes strong efficiency ratios and ROA. This project 

evaluates the impact of AI on two core functions: Credit Analysis and Loan Operations. Based on 

informal peer polling, Premier Bank appears to be the only community bank in its competitive 

set pursuing AI integration at this level. 

To assess AI’s effect on operational efficiency, this exercise uses a multilayered approach,  

employee polling, and workflow analysis across both departments. The methodology quantifies 

direct time savings from AI-assisted document review and evaluates downstream impacts on loan 

volume, incremental cost of additional loan production, and overall productivity. It also enables 

comparison between AI-enabled and traditional processes within the Bank’s existing structure. 

The central premise is that measurable impacts on ROI, ROA, and efficiency can be 

achieved through labor savings and increased loan production in both loan operations and credit 

analysis. 
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In loan operations, Microsoft Copilot supports legal document review by analyzing 

organizational documents such as operating agreements and partnership agreements. All AI-

generated output remains subject to mandatory human quality assurance review to ensure 

accuracy and mitigate operational and credit risk. 

Within loan production, efficiency gains are driven by AI-assisted underwriting tasks, 

including summarizing commercial leases, completing appraisal reviews, spreading financial 

statements, generating rent rolls, reconciling borrower-prepared rent rolls to executed leases, and 

identifying longitudinal financial trends in income producing real estate and operating 

companies. By automating these time-intensive processes, AI expands analytical capacity 

without increasing the incremental cost of additional or enhanced credit review. 

5.1 Loan Operations 

IMAGE 6 below reflects the total number of loans and deposit accounts opened at the 

Bank between December 1, 2024, and November 1, 2025, that required review or analysis of 

corporate organizational documentation. These figures correspond specifically with employees 

whose production is formally tracked through internal performance reports. The impacts are 

understated to the Bank because this does not account for all accounts opened. The period was 

selected because it aligns with the Bank’s annual benchmarking cycle for production-focused 

employees. 

IMAGE 6: 

 



12 | P a g e  
 

Reviewing organizational documentation is a time-intensive process for both loan 

operations staff and corporate services personnel responsible for deposit account opening. 

During the 12-month period referenced above, a total of 253 sets of organizational documents 

required review before loan bookings or deposit account openings could be completed.  

IMAGE 7: 

  

To analyze the time burden associated with reviewing organizational documents, a 

random sample of ten operating agreements was pulled from the Bank’s core system, with entity 

names obscured to preserve customer confidentiality. IMAGE 7 presents a sampling of operating 

agreements to establish a benchmark of required reading.  

A 2019 meta-study by Marc Brysbaert of Ghent University, which synthesized 190 

studies comprising 18,573 participants. Brysbaert concluded that the average reading speed for 

college-educated English speakers is approximately 238–260 words per minute when reading 

non-fiction texts, a category that clearly includes operating agreements and other relevant 

documentsx. Dense legal documents typically contain 400–500 words per page; this analysis 

conservatively assumes 400, reflecting formatting and spacing in operating agreements and the 

like. Under this assumption, a 25-page document contains approximately 10,000 words, 

requiring about 40 minutes to review at an average reading speed of 250 words per minute. 

From December 1, 2024, through November 1, 2025, Premier Bank staff reviewed 253 

operating agreements. At 40 minutes per document, this equates to 10,120 minutes, or 168.7 

hours, of staff time. 
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In collaboration with the Bank’s Chief Financial Officer, the fully loaded hourly cost of a 

Loan Operations employee including wages, overhead, 401(k) match, and payroll taxes was 

calculated at $43.17 per hour. 

At this rate, total labor cost attributable to operating agreement review during the 11-

month period exceeds $7,200 (see IMAGE 8), establishing a baseline for evaluating AI-driven 

efficiency gains solely in this department. 

IMAGE 8: 

 

The time savings achieved through AI-assisted document review are substantial. To 

further emphasize this, a 57-page operating agreement was selected for analysis. Using Microsoft 

Copilot the complete review, including page-number citations and the AI generation of a 

checklist for subsequent human verification, was completed in under one minute. This represents 

a dramatic reduction compared with the traditional, manual, review process. The prompt 

delivered to Copilot, along with the resulting output, is included below. As Copilot is within the 

Bank’s Microsoft 365 tenant, confidentiality of sensitive documents and information is 

maintained. See IMAGE 9. 
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IMAGE 9: 
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Previously established reading norms, 250 words per minute and approximately 400 

words per page, indicate that a 57-page operating agreement would require roughly 90 minutes 
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for a complete manual review. In contrast, AI-assisted analysis reduces this task to less than five 

minutes, including the time required for a human reviewer to validate the AI-generated checklist.  

Thus, more than an hour of staff time is saved on a single document. It is important to 

note that operating agreements frequently involve complex ownership structures. Many entities 

are organized through multiple “nested entities,” whereby an LLC or other business structure is 

owned by another entity, which may itself be owned by an additional entity, and so on. The 

operating agreement selected for this demonstration reflected exactly this type of nested 

ownership. AI proved highly capable of identifying these more complex corporate structures and 

presenting them in a more digestible format, significantly reducing the cognitive load and time 

required for manual interpretation.  

This means that one loan originated from the 84 identified previously may have one to 

five operating agreements, or more, enhancing the efficiencies gained by multiples as there is no 

incremental time increase for AI to review multiple documents simultaneously. An example of 

the organizational structure review with “nested entities” is below. Copilot mapped out an 

organizational flow chart based on dropping operating agreements into the text window. This 

flow chart can easily assist a loan operations staff to have an alternative means to understand the 

relationships between multiple, nested entities in seconds, not hours. Names have been changed 

to preserve confidentiality, see IMAGE 10. 
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IMAGE 10: 
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5.2 Loan Origination 

Loan originations at Premier Bank require disciplined underwriting practices consistent 

with the Bank’s conservative risk posture and regulatory obligations. The origination process 

begins when a relationship manager identifies a loan request and gathers the necessary financial 

documentation from the prospective borrower. These materials are then provided to the credit 

analysis team, which “spreads” the financial statements and produces a summarized, 

standardized presentation of the borrower’s financial condition in credit-memo format. This 

document serves as the foundation for the relationship manager’s review, enabling them to 

evaluate the borrower’s financial position, raise clarifying questions, and assess creditworthiness. 

The relationship manager and credit analyst jointly finalize the credit memo by presenting a 

formal recommendation for approval or denial. 

During the same period analyzed above, the Bank originated 84 loans. While not all 

components of the underwriting and approval process are amenable to AI-driven efficiency 

gains, several key tasks are. This Capstone therefore concentrates on functions where AI can 

create measurable value. These include summarizing rent rolls, condensing appraisal reports, 

reviewing and summarizing operating agreements and commercial leases, summarizing purchase 

contracts, creating a checklist of key dates embedded in purchase contracts, and summarizing life 

insurance policies, etc. Each of these activities is time-intensive, highly repetitive, and essential 

to producing a complete credit memorandum, making them well-suited for an AI-assisted 

workflow enhancement. 

These tasks were identified by the author of this Capstone, who has been actively 

incorporating AI into the underwriting workflow at the behest of this Capstone project, 

documenting time savings for each task. Although no two rent rolls or appraisal reports require 
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precisely the same amount of review time, average durations were assigned to each step to create 

a reasonable baseline for analysis. As previously noted, the vast majority of the Bank’s assets 

consist of commercial loans, most of which are secured by commercial real estate, each of which 

requires underwriting scrutiny. Accordingly, the hypothetical time-savings model developed in 

this paper is constructed with these loan types in mind. 

The loan request analyzed reflects a typical Premier Bank transaction: the acquisition of a 

commercial real estate asset. In this case, a 50-unit multifamily property is under contract. Core 

underwriting tasks include reviewing the purchase agreement, preparing a key-dates checklist, 

summarizing the rent roll, analyzing guarantor financials, reviewing historical operating 

performance, and summarizing the appraisal. While additional steps are required to complete the 

credit process and close the loan, this analysis focuses solely on these functions to quantify time 

savings and evaluate the impact of AI integration. 

IMAGE 11:

 

The amount of time shown in the IMAGE 11 above that each requires takes relied on 

self-reporting from the analyst and a relationship manager. Certainly, small sample size is a 

limitation of the data set for the paper. That acknowledged, it took approximately 550 minutes 

(9.2 hours) for a human to complete the task described compared to approximately 11 minutes 

for the AI to review and complete the same tasks. The approximately 11 minutes does not 
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include time allocated for human oversight/review of AI generated outputs, but nonetheless the 

time savings are substantial. 

Based on this scenario, a human utilizing AI as a support tool is 50 times more efficient 

in the completion of this kind of task. See IMAGE 12 for an illustrative analysis of the human 

alone versus the human and AI assisted approach.  

IMAGE 12: 

 

The initial example reflects a more time-intensive scenario, requiring review of 

approximately 50 individual leases and reconciliation to the rent roll. While not standard Bank 

practice, full lease review can serve as a meaningful risk mitigation tool—one that AI enables 

with minimal incremental human time increases. 

A second, more moderate scenario involves a five-tenant retail strip center, reducing the 

review scope to five leases. For consistency, no adjustment is made to AI processing time despite 

roughly 500 fewer pages of lease material, isolating the efficiency gains attributable to AI. 
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IMAGE 13 summarizes task-level timing for this scenario. No additional adjustment was made 

for commercial lease complexity, although such documents are typically longer and more 

complex. 

IMAGE 13: 

 

Even so, a human with AI was able to speed up this process from approximately 150 

minutes to approximately 11 minutes. While less dramatic than a 50 times efficiency increase, a 

13.6 times efficiency increase is still noteworthy as 139 minutes were saved on the analysis. See 

IMAGE 14 for an illustrative analysis. 

IMAGE 14: 
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6. Financial Impact to the Bank 

ROI in this project is evaluated by estimating the net labor savings generated through AI 

adoption. Specifically, the analysis compares (1) the time and associated labor expense required 

to complete key underwriting and operations tasks using traditional methods with (2) the reduced 

labor required when those tasks are performed with AI assistance, inclusive of the time staff 

spend interacting with AI outputs and verifying accuracy. The cost of AI licensing is then 

incorporated to determine the overall return on investment. The $300 annual cost for each 

Copilot license is frontloaded on just the first review and is not a recurring cost. As a result, the 

602% ROI reflects significant enterprise value to the Bank as it pertains to loan operations. See 

Table 06A for the modeled 602% calculation. 

IMAGE 15: 
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To illustrate the potential organizational impact of AI-assisted review, let us consider the 

same 253 operating agreements previously analyzed. Hypothetically, loan operations staff spent a 

total of 10,120 minutes (or approximately 168.67 hours) reviewing these documents manually 

given the previously established 250-word per minute reading speed. If we reallocate this same 

amount of time to an AI-assisted process, where each review takes approximately five minutes 

with human verification, staff would have the capacity to review roughly 2,024 operating 

agreements within the same timeframe. 

By way of context, during this period, a loan officer (referred to here as “JB”) originated 

33 loans totaling $34,684,749, averaging $1,051,053 per loan over the previously described 

benchmarking period. Under a hypothetical scenario with no capital or liquidity constraints and 

sufficient loan demand, the increased review capacity would allow the Bank to process operating 

agreements associated with up to $1,329,582,045 in loans using the same staff resources. This 

represents a theoretical 3,733% increase in loan volume. 

IMAGE 16:
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Certainly, loan document preparation and the loan officer’s capacity to generate credit 

memoranda would constrain overall production; however, overemphasizing those bottlenecks 

obscures the efficiency gains achievable through AI in this scenario. In periods when market 

demand is strong but capital constraints limit balance-sheet growth, the value of AI is not 

“deploying more capital,” but increasing underwriting and review capacity allowing the Bank to 

respond faster prioritizing higher-quality opportunities and maintain credit discipline even when 

growth is capped. 

Having established the dramatic increase in document review capacity through AI 

integration, it is essential to consider the broader financial implications, particularly within the 

realm of credit analysis. Enhanced efficiency not only reduces the time and labor costs associated 

with routine document reviews but also reallocates valuable human resources toward more 

complex and judgment-intensive aspects of the credit process. This shift can improve the quality 

and speed of credit decisions, potentially leading to enhanced loan portfolio performance and 

improved risk assessment for times when capital is selective. 

7. Non-Financial Impact to the Bank 

This Capstone makes clear the efficiency gains across two departments, loan operations 

and credit administration, as well as ROI improvements. However, what has not yet been 

considered is the non-financial impacts which may be equally consequential. Some of the non-

financial impacts include organizational culture and employee sentiment, regulatory opinion, and 

talent atrophy. 

 

 



26 | P a g e  
 

7.1 Regulatory Considerations  

Premier Bank’s primary regulator is the Office of Comptroller of Currency, and as such 

their regulatory opinion is relevant. Artificial intelligence is a permitted technology to be used in 

banking just as any other technology, like the internet, Microsoft Word, or Microsoft Excel. 

Credit decisioning and direct customer to artificial intelligence are not considered in this 

Capstone. That said, the regulator places the burden on risk management on the financial 

institution that wishes to utilize AIxi. Ultimately, any employee user of AI is the custodian of 

confidential customer information. Should the use of artificial intelligence be deployed across 

the institution, the Bank should strongly consider regulatory compliance training when 

confidential customer information is involved in addition to existing compliance training.   

In March 2025, Premier Bank adopted a Board-approved AI Policy establishing a 

governance framework aligned with its risk appetite, regulatory obligations, and applicable law. 

The policy applies to all employees and contractors and restricts AI use to internal, back-office, 

and operational functions. It prohibits external-facing or higher-risk uses, including credit 

decisions, account opening, personnel matters, and customer communications, and forbids the 

use of public AI platforms for confidential information. 

AI oversight is centralized through Board and IT Committee review, with required risk 

assessments prior to deployment. The policy also sets standards for data confidentiality, 

acceptable use, data quality and ownership, and testing for accuracy and bias. Together, these 

controls embed AI governance within the Bank’s broader enterprise risk management 

framework. 
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Integration of AI into day-to-day banking operations represents a significant shift in how 

financial institutions can process incoming information, support and enhance decision making 

and interact with existing bank-based data. While efficiency gains are demonstrable, deployment 

introduces cyber and confidential information risks that are different from traditional information 

technology systems. The risks arise from large language models (LLM’s) as well as from the 

adherence to risk-based policies implemented by any financial institution.  

Public LLMs operate outside the Bank’s tenant, creating data leakage risk and limited 

visibility into third-party data retention practices. As a result, their use introduces new 

confidentiality risks for banks. In contrast, enterprise-integrated tools like Copilot align with 

Microsoft 365 permissions and data loss prevention controls, reducing third-party exposure and 

keeping sensitive information within management-defined boundaries. 

From a non-financial perspective, one of the most significant risks associated with 

adoption of AI is the potential for regulatory violations, which could ultimately result in 

supervisory criticism or enforcement action. While AI represents a new technological tool, the 

underlying risk is not new; the careless use of paper records, internet resources, or email systems 

can lead to similar regulatory consequences. As with any tool, responsible use of AI depends on 

clear ownership of risk, strong governance, and continued adherence to regulatory guidance. 

7.2 Employee Sentiment 

Beyond regulatory considerations and financial impact, employee sentiment is an equally 

critical factor warranting attention. Even when technology demonstrably improves efficiency, its 

ultimate success depends on whether employees are willing to adopt and use it consistently in 

their day-to-day work. Without genuine employee buy-in, even well-suited technologies are 
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unlikely to be meaningfully integrated into routine operations and may instead remain 

underutilized. 

This challenge of garnering genuine employee “buy-in” is highlighted in a recent article 

on AI adoption hesitancy by Scott A. Snyder, Senior Fellow at Wharton, published in Wharton 

Business Journalxii. Snyder argues that the most significant barrier to meaningful AI adoption 

across organizations is not technological capability, but human behavior. He observes only a 

small fraction of employees, approximately five percent, are currently using AI in ways that 

materially impacts their work. The majority of employees’ sentiment remains skeptical, primarily 

due to fear job displacement, or the perception of little personal benefit from adoption. As a 

result, AI use often stalls at a superficial level rather than achieving deep operational integration. 

Snyder frames the issue from the employee’s perspective, posing a fundamental question, 

“Why would I do more work for the same pay?” He contends that overcoming this resistance 

requires a deliberate redesign of incentives across three levels of the organization. At the 

leadership level, compensation and performance objectives should be directly linked to AI 

readiness, adoption, and measurable business impact. At the team level, shared goals and 

incentive structures should reward collaboration and AI-driven improvements. At the individual 

level, employees should be encouraged to experiment responsibly with AI, document 

productivity gains, and convert time savings into opportunities for learning and innovation. A 

rewards based system or constructive approach for AI adoption is more successful than a 

punitive approach. 

Synder’s article outlines several concrete mechanisms to support this approach, including 

AI innovation awards, team-based bonuses tied to AI impact, and individual gain-sharing models 

that allow employees to reinvest efficiency gains into professional development. It further 
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emphasizes embedding AI-related objectives into existing compensation, promotion, and role-

design frameworks, while phasing in performance metrics gradually to mitigate fear and 

resistance. Collectively, these measures underscore that sustainable AI adoption is as much an 

organizational and cultural challenge as it is a technological challenge. 

For the purposes of this Capstone, three employees with different ownership in parts of 

the credit process at the Bank summarized their sentiments regarding AI integration. One 

member of the loan operations team, a member of the credit analyst team, and a junior lender 

who was formally an analyst. 

7.2.1 Loan Operations Employee  

The loan operations participant’s perspective closely mirrors the broader pattern 

identified by Snyder, falling within roughly 95%of employees who remain hesitant to fully 

embrace AIxiii. The participant’s concerns centered primarily on job security and the practical 

realities of adopting a new tool in an already demanding role. From the author’s perspective, 

these fears are not well aligned with where the technology currently stands, particularly given its 

limited ability to replace judgment-driven work. Still, hesitation remains despite training and 

demonstrations. Rather than rejecting the technology outright, the participant’s comments 

suggest that time pressure and the upfront effort required to learn and structure AI use are 

significant barriers. The participant explains, “I think it's a good tool / time saver once you learn 

how to use it. At the moment...I don't plan to use it much because I have a lot going on and don't 

really have much time to build prompts etc. I do use it for corporate docs right now though. It's 

just with something more complex like doc review/balancing, I would want to spend some time 

making correct prompts, documenting it so I can use them in the future...and I just don't have 

time to do that right now.” This response seems to highlight how uncertainty and workload 
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constraints can reinforce anxiety about AI, even when the employee generally sees its potential 

value. The response also underscores the importance of leadership and management to allow for 

employee adoption of AI while balancing current workloads. 

7.2.2 Credit Analysis Employee  

The credit analyst’s experience stands in sharp contrast. The participant falls into the 

small group, roughly 5%, that Snyder identifies as using AI in ways meaningfully impactful on 

daily work. After several months of hands-on use, the participant’s perspective is noticeably 

more confident and pragmatic. The participant states, “After approximately 5 ½ months of 

Copilot usage (8/1/2025 – 1/16/2026), I’ve drawn the conclusion that CoPilot is a very useful 

augmentation to my productivity and is a worthwhile investment. While it did not perform well 

enough to justify consistent usage for financial analysis or other complex mathematical tasks, it 

did prove itself very useful for summarizing/explaining lengthy, complex documents, that would 

otherwise have taken me hours to read and decipher. Examples of this include appraisals, leases, 

purchase contracts, etc. As an analyst, much of the information I need to complete the 

underwriting of a deal is contained in these lengthy documents, and being able to pull the exact 

information needed in an efficient manner has speed up my underwriting efficiency significantly.  

In addition to extracting specific information from lengthy documents, I also used Copilot 

to get an understanding of complex legislation and statutes in roughly 1/3rd of the time it would 

have taken me normally. Understanding certain legislation and government statutes which are 

pertinent to banking is an essential part of my job as an analyst, and CoPilot allows me to gain a 

deep knowledge of it very quickly.  
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In conclusion, CoPilot has been an essential tool for me to use as an analyst. It has 

increased my underwriting efficiency by a significant margin, by eliminating time-consuming 

tasks like combing through lengthy, complex legal documents.” 

What stands out is not just the productivity gains, but the clarity with which the participant 

describes what AI can and cannot do. That familiarity appears to reduce fear and replacing it with 

a sense of control.  

7.2.3 Lender Employee 

The lender participant, who previously worked as an analyst, also falls into the 5% 

category and speaks directly to the job-security concerns raised from the loan operations 

employee. His comments reinforce a similar theme seen in credit analyst’s perspective: Once AI 

is used regularly, it feels less threatening and more like a standard tool of the trade. The 

participant notes, “The positive with AI will come from an enhanced time efficiency when 

completing very ‘clerical’ tasks. In my opinion this would be automating reporting processing, 

some level of data entry, as well as spot checking spelling, grammar and sentence structure. The 

idea of AI taking someone job to me is interesting. While in the past automation has had an effect 

at a certain scale, what I think it really will do at this point is be another skill that an individual 

will need to have in their repertoire. Similar to how individuals who are not proficient with basic 

computer functions today can be seen as not as reliable or efficient, the same will come into play 

with usage of AI at some point.” 

Rather than viewing AI as a replacement, the participant frames it as a skill, one that will likely 

become expected over time similar to personal computers. 

The participant also raised a concern that had not previously been considered in this 

analysis: the environmental and ethical implications of AI. The participant explains, “The things 
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that I personally do not like when it comes to AI are in regard to specific applications of 

generative AI, environmental impacts, and the lost opportunity cost associated with data 

centers….” This introduces an important nuance since resistance to AI is not always rooted in 

fear of job loss. In some cases, it reflects broader concerns about sustainability, ethics, and long-

term societal tradeoffs. 

Employee perception of AI is driven by experience: those who use it view it as a tool, 

while those who avoid it tend to overestimate its capabilities and feel more threatened. As a 

result, successful AI adoption seems to depend less on the technology itself and more on 

employee engagement, familiarity, and organizational context. 

7.3 Talent Atrophy  

Long-standing research on automation, not just AI, has consistently raised concerns about 

skill or talent atrophy when cognitive tasks are delegated to automated systemsxiv. When 

automation takes over routine analytical work, individuals often shift from actively performing 

tasks to supervising them. Over time, this can reduce situational awareness and increase the risk 

of overreliance, making it harder for users to recognize when human intervention is needed. 

Skills seemed to be retained when the participants were actively engaged in monitoring cockpit 

automation in the aviation industry, think autopilot.  

Data seems to suggest that caution should be exercised when less experienced staff rely 

on automation, as they may lack the subject matter expertise needed to recognize errors or subtle 

omissions in automated outputs. More experienced users, however, can use automation 

effectively to improve efficiency, provided the results are reviewed and verified via humans 

through proper means of quality assurance as highlighted in the use case scenario previously 
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discussed about legal document review (checklists). This layered review process helps preserve 

professional judgment, maintain foundational skills, and guard against unchecked automation 

bias.  

It is the recommendation of this Capstone that newer and less seasoned employees 

develop the ability manually process risk sensitive tasks, including financial analysis, manually. 

Further, if AI is integrated into day-to-day banking operations, a skill retention policy should be 

attended to. For example, this could be a quick test of ratio analysis for analysts completed 

annually similar to required compliance training. 

For example, a newer credit analyst using Copilot to prepare financial spreads for a 

multifamily acquisition may accept an abnormally high current ratio without question and pass 

the analysis to a senior lender. A more experienced lender is likely to challenge the classification 

of current assets and liabilities and return to the source documents to validate the calculations. In 

this scenario, the newer analyst may not yet understand that most real estate entities typically 

exhibit current ratios below 1.0x, highlighting the importance of experience-based oversight. 

8. Conclusion and Next Steps 

 According to publicly available Census data, AI adoption will continue across 

industriesxv. Nearly one in three financial and insurance firms report AI adoption, the fourth most 

out of any industryxvi. A recent Wall Street Journal poll found that 85% of Chief Executive 

Officers polled indicated that they bullish on the “broad economic impact of artificial 

intelligence”xvii. IMAGE 17 illustrates a profile of AI adoption by industry sector. The Business 

Trends and Outlook Survey (BTOS) published by the US Census Bureau points towards some 

industry agnosticism as to the integration of AI. 
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IMAGE 17 

 

 IMAGE 18, which is also sourced from BTOS data from late 2025, differentiates the way 

that AI is being used across industries. Interestingly, AI utilization for work production lags 

behind all use functionxviii. This seems to support the previous analysis by Snyder. 
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IMAGE 18 

 

Over the past 40 years, the U.S. commercial banking industry has experienced 

pronounced consolidation, with the number of commercial banks declining by 72% percent from 

its mid-1980’s peakxix. This persistent trendline points to fewer, larger institutions rather than 

cyclical contractions. This long-term consolidation provides important context for evaluating 

operational efficiency, scale economies, and the adoption of technologies such as artificial 

intelligence intended to offset rising compliance and operating costs. Continued pressure on net 
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interest margin and other efficiencies strike the author as the cause of this trend. AI may provide 

relief. 

Consolidation in this industry is often influenced by the high personnel costs associated 

with staffing and compliance. AI should be considered for use on an enterprise-wide scale across 

business units in banking so that smaller teams can “punch above their weight” and decrease 

efficiency ratios, a stated goal of the ownership of Premier Bank. 

While AI is not a panacea that can singlehandedly take over the full depth and breadth of 

a seasoned banking professional’s duties, it does provide meaningful efficiency gains in a narrow 

subset of tasks that have been identified in this Captstone. These include legal statute research, 

legal and organizational document review, appraisal review, lease and contract review, etc. These 

are tasks that each employee involved with loan production completes hundreds of times per 

year. Automating the document review allows the human “farm out” manual analysis and focus 

on performing quality assurance on the output generated by the AI and resulting in significant 

gains in efficiency.  

The use of AI as it pertains to generating meaningful conclusions should be restricted to 

individuals that have substantial experience as they will need to be able to identify errors made 

by the technology. That said, would you want your seasoned professional “to start off on 1st base 

or on third”? AI allows seasoned, more experienced professionals to amplify their impact by 

focusing on value added work. 

AI has been implemented for the entire duration of writing this paper. No, AI didn’t write 

it, but it expedited the tasks of researching and obtaining supporting documentation to string 

together complex ideas. The author largely concurs with the employee participant’s findings. AI 
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in its current form seems to be a complimentary tool to expedite repetitive, time-consuming, 

clerical, and data related tasks historically performed by seasoned, expensive professionals.  

Much of AI’s enterprise value extends beyond underwriting efficiency. As reflected in 

IMAGE 07, AI use across industries more often occurs in “any function” than strictly “in 

production.” For a community bank, that distinction matters. 

The Bank already possesses substantial internal data on its customers—loan 

anniversaries, maturity dates, rate resets, deposit patterns, and overall relationship depth. While 

such data must remain within the bounds of privacy and fiduciary responsibility, it can be used to 

strengthen service rather than monetize information. Though internal uses of the technology 

could be used to monetize information. 

AI could support soft-touch engagement by prompting relationship managers about key 

dates, generating draft outreach for birthdays or business anniversaries, flagging unusual balance 

activity, or identifying clients approaching renewal events. Each communication would remain 

banker-led, but more timely and consistent. 

In a small community bank constrained by staffing and capital, this type of AI application 

does not expand the balance sheet; it improves attentiveness. The value is not automation for its 

own sake, but disciplined relationship reinforcement at scale. 

Overall, it is clear that AI utilization can contribute meaningfully when implemented 

across various divisions within a community bank. While AI or any other emerging technology is 

unlikely to fully replace the complexities of human thinking, experience, or professional 

judgement, AI will be an important tool similar to when the personal computer was adopted. 
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It was initially anticipated that Copilot would generate meaningful underwriting 

efficiencies, particularly in financial statement analysis and the spreading of corporate and 

personal tax returns. While the exercise demonstrated some efficiency gains in that domain, they 

did not materialize in the manner originally expected. Copilot proved ineffective for detailed 

financial spreading and given that it is the only AI tool within the Bank’s tenant environment, 

combined with strict confidentiality requirements, it was not ultimately utilized for that purpose, 

as reflected in the credit analyst’s testimony. 

That acknowledged, the technology did provide real and measurable efficiencies aligned 

with a bank focused on operational efficiency and credit discipline. The most meaningful gains 

emerged in dense document review and quality assurance workflows, particularly when the AI 

generated structured checklists with page references for human validation. 

 As a thought experiment and conclusion of this Capstone, we will now see how Premier 

Bank can achieve asset growth without additional staffing. Liquidity for this endeavor can be 

obtained by utilizing credit facilities at the Federal Reserve as well as the Federal Home Loan 

Bank of Topeka. In total, Premier Bank could readily access approximately $186,000,000 in 

secured and unsecured financing through these existing facilities.  

 While the two examples illustrated additional theoretical production capacity of 

approximately $1,329,582,045 in new loan originations, this is not realistic based on the Bank’s 

operations and the market forces to which it is subjected. A more realistic example would be to 

utilize the $186,000,000 of untapped borrowing capacity. Assuming a 5-year bullet from the 

Federal Home Loan Bank at an annual interest rate of 3.80%, and an average loan rate of 6.50%, 

the 2.70% margin would deliver an additional $5,020,000 in pre-tax net income to Premier Bank. 

This effectively doubles normalized pre-tax net income numbers, resulting in a .38% lift to ROA, 
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which would be projected to be at 1.99%. Assuming no incremental cost increases associated 

with additional staffing to deploy the $186,000,000 of borrowed funds Premier Bank’s efficiency 

ratio would decrease from approximately 55% to 25.4%. Using the UBPR Peer Group Average 

Distribution Report for banks with assets between $300 million and $1 billion as of December 

31, 2025, an efficiency ratio of 55%would rank near the 30th percentile, indicating performance 

stronger than roughly 70% of comparable institutions. In contrast, an efficiency ratio of 25.4% 

would fall beyond the top one percentile of peer distribution, representing exceptionally strong 

operating efficiency relative to all peers.  

A match funding approach should be considered whereby borrowing windows are 

synchronized with deployment windows making it easier for management to manage capital 

ratios, but it is concluded that the earning’s lift will be noticeable if effectively deployed by 

management and adopted by staff. 

While Bank-wide implementation was outside the scope of this Capstone, the 

demonstrated efficiency gains support broader, programmatic adoption across departments. For 

example, operating agreements tied to new loan relationships are often reviewed independently 

by both loan operations and deposit operations—an inherently duplicative process that AI could 

significantly streamline. 

Employee diary logs identified additional use cases beyond the scope of this exercise, 

reinforcing that the benefits observed here are likely understated. 

Accordingly, the next step is to evaluate a structured, cross-department AI 

implementation strategy focused on eliminating redundant workflows, improving efficiency, and 

scaling productivity gains across the Bank. 
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